2014 15 Science and Technology & Innovation

300300
C4.5 92
TP393 A 2095 6835 2014 15 0125 03
Online Social Network ““OSN~~ Twitter
Twitter Kurt
Thomas
Facebook
Twitter Zhi Yang
2012-08 Facebook
10 Profile
Google 3
2
Gianluca Stringhini
“ i Alex
1 Hai Wang Twitter
K-
Yin Zhu
SVM SF+SVM  MF+SVM
MFSR+SVM
2.2
20 50 ““CLS””
Concept Learning System J.R.Quinlan
1979 ID3 ID3
Ca45
ID3 ID3 C4.5
C4.5
2
2.1 C4.5

Twitter  Facebook

Analysis and Optimization of Wireless Network System Covering Issues

Han Yan
Abstract: The weak presence of wireless network coverage, had covered no main cell coverage and other issues analyzed, analysis, deal
with the problem solving process and suggestions for the network optimization analysis covering the relevant indicators, covering issues
processing and so provides the basis of theoretical analysis, in order to cover the issue of optimizing the different communication scenarios.
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Spam Analysis and Detection of Social Network based on Sina Weibo

Meng Xiangfei, Xu Lu, Wang Siyu

Abstract: With the rapid development of information technology and the Internet, the online social network OSN has played an irreplaceable
role in our life. Meanwhile, however, OSN was plagued with various advertisements, which imposed severe impact to User Experience. A large
amount of spam accounts registerd by malicious marketing teams also made normal users intolerable. In this paper, the reason why spam
accounts appeared was illustrated firstly. Then we analyzed the feature of spam accounts. Finally, the Decision Tree algorithm was raised to
classify accounts based on the data of Sina Weibo. The results show that the method is effective with a distinguishing rate of 92%.
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